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The Information Content of M anagement Ear nings For ecasts:
An Analysis of Hard versus Soft Information

Abstract

We examine the announcement effects of hard (qa#imé) and soft (qualitative)
information contained in management earnings fatscaConsistent with previous
studies, we confirm a positive relation betweenaheings surprise component of
the announcement and the magnitude of the abnoretain. In contrast with
previous studies, we examine the impact of sofbrmftion on abnormal returns
while controlling for the impact of hard informatio We use textual analysis to
identify and measure the level of two specific swfformation variables (Net
Optimism and Certainty) present in each earningsclst. Our empirical results
show that soft information plays a significant rateexplaining the magnitude of
abnormal returns. In fact, soft information gefigreexplains more of the
announcement effect of earnings forecasts than hdadtmation. Overall, our
findings contribute to the growing literature tleatamines the economic significance
of qualitative information.

JEL classifications: G30; G31; G34
Key words: Management earnings forecasts; Soft informaticardH
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The Information Content of M anagement Ear nings For ecasts:
An Analysis of Hard versus Soft Information

1. Introduction

Although many previous studies have examined tingozate announcement effects of
hard or quantitative information on firm valuesyfstudies to date have analyzed the
announcement effects of soft or qualitative infatiota Whether the corporate announcement is
related to earnings, dividends, security issuammeestructuring, previous studies have relied
almost exclusively on changes in numerical valoesxplain the abnormal returns associated
with the announcement. However, most corporateamcements contain far more qualitative
terms than quantitative terms. We show that catali# information comprises roughly 99% of
the terms in a typical management forecast. Buegpreponderance of qualitative terms
simply reflect “filler material” that is used toyy the gaps between hard numbers? Or do these
gualitative terms provide value-relevant informatfor current and potential investors? In this
study, we attempt to shed light on these impoaeistions by examining the announcement
effects of both hard and soft information contailmethanagement earnings forecasts. Our
empirical results show that investors rely on tiferimation content of soft data at least as much
as they rely on the information content of hardadat

Our study focuses on management earnings forefoeigt8o main reasons. First,
previous studies show that management forecastgisantly affect stock prices (Pownall,
Wasley, and Waymire (1993)), stock market liquid®pller and Yohn (1997)), and analyst
forecast revisions (Baginski and Hassell (1990%ince forecasted earnings announcements
clearly contain value-relevant information, we earamine the announcement effects

attributable to soft information versus hard infation. More specifically, we will measure the

! See Hirst, Koonce, and Venkataraman (2006) feviw of the management earnings forecast litegatur
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incremental effect of soft information on announeatrabnormal returns after controlling for

the effect of hard information. Second, manageraantings forecasts represent voluntary
disclosures. Recent research (e.g., Aboody andrita§2000), Cheng and Lo (2006),
Brockman, Khurana, and Martin (2008)) has showhnenagers exercise considerable leeway
in the timing and content of their voluntary disaloes. The form and format of such disclosures
are less formulaic than their required disclosunenterparts. Managers can freely choose the
hard-soft information mix in their announcement#is attribute allows us to investigate
whether managers use these additional degreesaafdm to convey value-relevant information
through qualitative terms.

Several recent studies examine the relation bettre=oompany’s reported earnings and
soft information (e.g., Li (2006), Engelberg (200Dnvis, Piger, and Sedor (2007), Tetlock,
Saar-Tsechansky, Macskassy (2008)). Among thesiéest our paper is most closely related to
that of Demers and Vega (2008)These authors examine the announcement effestsftof
versus hard information using over 20,000 earnarggouncements. They find that soft
information generates a significant impact on stoekes during earnings announcements above
and beyond the impact of hard information. Intengty, they also find that it takes longer for
investors to fully interpret the soft informatioartent in earnings announcements than the hard
information content. It is apparently easier tad@nd interpret a numerical section than a
narrative section.

In this study, we examine the market’s interpretatvf hard and soft information
contained in voluntary disclosures. We collectrdd® 000 management earnings forecasts from
1994 to 2007 to examine the role that soft inforamaplays in the pricing of forecast

announcements. We estimate three-day cumulatieratal returns (CARS) using standard

2 Other studies that examine qualitative aspectsnfairmation announcements include Das and Chen 7200
Tetlock (2007), and Das, Martinez-Jerez, and Tuf2005).
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event study methodology and use these CARs asapaendent variable. We then fit a series of
regression models to extract the explanatory paiveard versus soft information contained in
management forecast announcements.

Similar to previous studies analyzing actual eagsireleases (e.g., Demers and Vega
(2008)), we regress CARs on both hard and softimétion variables. We use a modified
version of standardized unexpected earnings $tandardized unexpected forecasted earnings,
or SUFESs) as our hard information variable, and ®atimism and Certainty as our soft
information variables. Net Optimism, as defined by Diction (a standanxtual analysis
program), includes language that is positively eisdéed with praise, satisfaction, or inspiration;
and negatively associated with blame, hardshigearal. Certainty includes language that is
positively associated with tenacity, leveling, ectives, or numerical terms; and negatively
associated with ambivalence, self-reference, dewar

Our regression results show that the relation betwibree-day announcement CARs and
hard information (SUFE) is positive and significacdnsistent with previous findings and
expectations. More importantly, our regressiomliteonfirm that Net Optimism and Certainty
have positive and significant effects on three-diayouncement CARs — over and above any
hard information effects. Moreover, the estimatedfficients on our standardized independent
variables show that our soft information variablst Optimism and Certainty, generally have a
stronger impact on announcement returns than adrihBormation variable, SUFE. To the best
of our knowledge, these findings represent thé énspirical evidence that the market prices the
gualitative information contained in managemenheegs forecasts.

In subsequent tests, we examine whether the relagbveen announcement returns and

soft information is linear, concave, or convex. fivel some evidence of concavity for one of

% More precisely, our definition of SUE is the stariized unexpected earninfmecast; that is, the difference
between the management forecast and the actuahgsafigure one year earlier. For annual foregaséscompare
the manager’'s forecast with actual annual earnowygs year earlier. For quarterly forecasts, we @mpghe
manager’s forecast with actual quarterly earnings year earlier.
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the soft information variables, Certainty. Whitete is a diminishing marginal impact of
Certainty on announcement returns, we find no swuctiinearity for Net Optimism. Next, we
examine the possibility of interaction effects beéw hard information and soft information. It
is not clear on an ex ante basis whether hard afhdihormation behave as compliments or
substitutes to one another. It is also possitdehrd and soft information have no significant
interaction effects. Our empirical results rev@atience in favor of a substitution effect
between SUFE and Certainty, and between SUFE ah@ptenism. These findings suggest
that managers can use positive soft informatiooffisget some of the announcement effects of
negative hard information.

We also extend our analysis and examine the aneowsrtt impact of hard and soft
information as a function of the announcing firnm&rmation environment (as proxied by firm
Size). As hypothesized, we find that the inteacbetween Size and Net Optimism is negative
and significant. We find the same negative andiBaant relation for the interaction between
Size and Certainty. These findings suggest tHairdormation plays a particularly important
role for small firms with less abundant informatiemvironments. Next, we examine the
interaction effects between our information varshnd alternative proxies for the firm’s
information environment (Analyst Coverage and Nuo#Terms), and between our
information variables and firm-specific characteess (Intangibility and M/B Ratio). We find
weak evidence of negative interactions betweenrdarmation variables and the alternative
proxies for the firm’s information environment; cistent evidence of negative interactions
between the information variables and Intangililégd no significant interactions between the
information variables and growth opportunities.

Lastly, we perform robustness tests using alteragtroxies for qualitative information.
Loughran and McDonald (2009) point out that commnarded English word classification lists

might be inappropriate for finance-related reseaMtords such as “liability” or “depreciation”
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have more negative connotations in common usageithi@nance-specific usage. To
investigate whether our findings are sensitive todalist selection, we apply their alternative
word lists to construct five qualitative variableg;luding “positive” (Fin-Pos) and “uncertainty”
(Fin-Unc). Our regression results confirm a pwesitand significant relation between earnings
announcement returns and Fin-Pos, and a negativeigmificant relation between earnings
announcement returns and Fin-Unc. These findinggest that our empirical results are robust
to the use of alternative word lists.

Our study makes two primary contributions. Fivgt, add to the growing literature
showing that corporate announcements contain ggnif, value-relevant soft as well as hard
information. Until recently, most previous resdafocused exclusively on the value relevance
of hard information. Our results support the it soft information variables should be
included as independent variables whenever a ds&aattempts to identify the relevant
explanatory variables related to corporate annaueoé CARs. Second, our results provide a
better understanding of the role played by managéeernings forecasts. This type of
corporate announcement is particularly interesti@gause, unlike earnings or dividend
announcements, management forecast announcemersnapletely voluntary. Managers not
only decide on when to announce their forecasty, #iso determine the hard-versus-soft
information mix in these announcements. Suchtaggirovides a unique opportunity to
analyze the use and value relevance of soft infooma

The rest of this study proceeds as follows. Wedes our data and methods of analysis
in Section 2. This section also discusses oualdsthypotheses. We present and analyze our

empirical findings in Section 3, and then providerigf conclusion in Section 4.

2. Data and methods of analysis

2.1. Datadescription



Our study analyzes the soft information found ia téxt of company-issued-guidance
press releases. We use Lexis Nexis academic aotinee of these press releases. Lexis Nexis
organizes press releases into many different ds¢sbave limited our search to the ‘Company
Press Releases' database. However, this datadmseahny news providers and press releases
are often duplicated among these different newsigeos. Therefore, we further limit our
search to the following news providers: PR News\lit8), Business Wire, and Canada
Newswire.

Once we identify the database, and the news prvigighin the database, we continue
by searching for candidate announcements overdhiedpof 1994 to 2007. Our search criteria
analyze the 'subject’ line and the ‘headline' ohgmtential candidate. Using the subject line, we
keep only those press releases which fall intdahewing categories: ("earnings
preannouncements” or "earnings projections or &stst) and not (“interim financial results").
We exclude the ‘interim financial results' hits &ngge press releases in this category tend to
originate from non-company sources (e.g., analystmentary). We then scan the headlines of
the remaining documents and retain only thosedbatain the following terms: (guidance or
forecast or predict or prediction or projectiorfamvard or future or expect or expected or
expectation or update or anticipate or reaffirng feash w/s flow) or earn or earning or share
or stock or EPS or fiscal or price or revenue sults or profit or profitability or targets or
growth or raise or lower or upward or upwardly omshward or downwardly). The ‘and’
connector between the two groups of words meanotieof the first group of words AND one
of the second group of words must appear in thdlimsain order for the press release to be
retained.

The results of the Lexis-Nexis search yields 74 683didate press releases. However,
not all of these press releases are relevanteXamnple, some files are duplicates and other files

are commentary by third parties subsequent to fiiggnal press release. In order to ensure
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relevancy, we match the candidate press releaskshei First Call ‘Company Issued Guidelines'
database. Since the 74,603 press releases dowdlfrath Lexis-Nexis are in PDF format, they
are not readily identifiable by a machine. Therefave wrote custom software to scan and
extract the ticker symbol and the announcementfdate each press release. We match this
ticker symbol and date to records in the First @athbase. We retain only those press releases
which match the First Call ticker symbol and whadtur on the same day as the First Call
guidance release. Where more than one presseaeasrs on the same day for the same
company, we keep the earliest. We also discassprdeases that do not contain at least 100
words.

After this step we are left with 15,010 press reésa We randomly sample these press
releases to ensure they were relevant matchesneWeun custom algorithms to 'clean up' the
press releases. We start this clean-up by fisbxéng all punctuation from the press releases.
Hyphenated words are concatenated. Numerical tarensounted and then removed, with a
record of their count retained. If tables are fhuhey are removed — although we keep record
of their presence with a dummy variable. WordscWwio not occur more than two times in a
given document are discarded. As mentioned prelypeach document has to have at least 100
words in it to be included in our sample. We dtsmcate press releases which are longer than
750 words. This effectively removes company-dgsicm and safe-harbor paragraphs in the
longer press releases. Shorter press releasast tigpitally contain these boiler plate
paragraphs.

The data sample is then divided into three groupe first group contains only quarterly
announcements and totals 5,242 documents. Thadgcoup contains only annual
announcements and totals 9,769 documents. Thedgtoup aggregates both the quarterly and
annual groups and totals 15,011 documents.

2.2. Methods of analysis and hypothesis devel opment
8



Our methodology analyzes each press release farédsence of semantic features,
specifically, for the presence of Net Optimism &wgttainty. We base our analysis on Diction, a
language processing software package which hasussehextensively in prior research to
analyze political and economic speeches, corpoegiarts, and earnings announcements.
Diction analyzes a document by counting the frequai specific key words. It then compares
these counts to norms calculated from a broad saofgEnglish text. This sample of text
includes 20,000 documents consisting of speecleegspaper editorials, business reports,
scientific documents, telephone conversations, etc.

Diction defines Net Optimism as language endorsimge person, group, concept or
event or highlighting their positive accomplishnge(tarroll (2000)). The program generates an
aggregate standardized score for Net Optimism byptoog words in defined categories, and
then combines the standardized scores for eachargtas shown in the following equation:

NetOpt = (praise + satisfaction + inspiration) — (blame + hardship + denial) (2)

Diction defines Certainty as language indicatingpteteness, inflexibility, completeness and a
tendency to speak ex cathedra. The program gesexataggregate standardized score for
Certainty by counting words in defined categoraex] then combines the standardized scores for
each category as shown in the following equation:

Certainty = (tenacity + leveling + collectives + numerical_terms) —
@mbivalence + self_reference + variety) (2)

These two semantic features serve as the sofiafiton variables in our study.
Our analysis proceeds as follows. We begin bynigsvhether soft information has
explanatory power with respect to cumulative abradnmaturns. We test this hypothesis by

running the following regression:

* In addition to standardizing our qualitative infation variables using Diction’s out-of-sample mead variance
values, we replicate all empirical tests using ample mean and variance values. Our empiricalltsesund
conclusions are not sensitive to the standardizgtiocedure.
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+1
' zlARj,t'H = ,30 + ,[)’18UFEj,t + ﬂzNetOptj,t + ,[)’3Certajntyj,t + €it (3)
i=—

This expression contains both hard and soft expdapaariables. SUFE is the standardized
unexpected forecasted earnings, the hard or nuah@rformation variable. We construct SUFE
by first subtracting the management earnings fateafsfirm| for time period (e.qg., third
guarter of 2002) from the firm’s actual (reportedynings in time periodl (e.g., third quarter
of 2001). We use this difference as the unexpemetponent in the manager’s forecast (i.e.,
the unexpected forecasted earnings (UFE)). Wedhklate standardized unexpected
forecasted earnings (SUFE) by subtracting the samplan and dividing by the sample standard
deviation. Net Optimism and Certainty are the gdfirmation explanatory variabl8sWe use
their standardized value in all regressions as. W&k expect the coefficients on all three
treatment variables to be positive and statisgicsilynificant.

We revise regression model (3) by adding squamedd for our soft, qualitative variables.
This approach allows us to analyze the possilolityonlinear relations between Net Optimism
(Certainty) and abnormal announcement retfirifge examine these possibilities using the

following regression:

1
2 AR = fo+ SUFE ; + foNetOpt + f3NetOpt %, @
i=-

+ BaCertainty ¢ + fsCertaintyfy + &

Negative (positive) and significant coefficientsthie squared qualitative terms would be
evidence of a concave (convex) relation betweenisimrmation and announcement effects. To
the extent that there exists any nonlinearitigh@se relations, concavity appears to be more

likely than convexity. That is, we expect that tharginal impact of Net Optimism or Certainty

® See Appendix A for more detailed descriptionslbflapendent and independent variables.
® Although our main interest is with squared quéilie (Net Optimism and Certainty) terms, we alstineste a
model with a squared quantitative (SUFE) term.
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on announcement returns will be a constant or dghing (but not increasing) relation over
higher levels of Net Optimism or Certainty.

We again alter our benchmark regression modeh(8jder to directly examine the
relation between hard information and soft inforiorat It is possible that soft information
compliments hard information (i.e., a positive ratgion effect), has no relation to hard
information (i.e., no interaction effect), or aesa substitute to hard information (i.e., a negati
interaction effect). Since we do not have strongrp regarding an expected relation and the
existing literature offers little to no guidanceg tveat this analysis as an open-ended empirical

issue. We estimate regression model (5) as follows

ZlARjM = f, + B SUFE,, + B,NetOpt,, + B,Certainty,, )
+ B,UFE; NetOpt,, + B, UFE, Certainty;, + ¢;,
Positive (negative) and significant coefficientstba interaction terms would be evidence that
hard and soft information behave as complimentssfsutes).
Next, we include size as an explanatory, along witkraction terms, to determine if the
impact of soft information on abnormal earningsassitive to the information environment of

the firm as proxied by Size (market value of equitifollowing Demers and Vega (2008), we

estimate the following regression:

+1
Z AR, .. = B, + B,SUFE, + B,NetOpt, , + B Certainty, , + 8,9ze,,
i=-1

+ pSUFE, Sz, + B, NetOpt; Sze;, ©)
+ B,Certainty, Sze;, +¢;,
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We expect that SUFE, Net Optimism, and Certaintl/hvéive less impact on abnormal returns as
the information environment improves (i.e., as fgize increases). We therefore expect to find
negative and significant coefficients on all thieeraction termg.

Finally, we revise regression model (6) by inclgdaiternative proxies for the
information environment of the firm (Analyst Covgeaand Numerical Terms), as well as
fundamental firm characteristics (Intangibility alidB Ratio). Regression model (7) can be

expressed as follows:

:ZzARLM = B, + BLSUFE,, + B,NetOpt; , + . Certainty,, + f,X,,

+ BsUFE, X, + BsNetOpt; X, (7)

+ B,Certainty, X, +¢,
whereX; represents (in succession) Analyst Coverage, Naaleferms, Intangibility, and the
M/B Ratio. Analyst Coverage is defined as the tdagen of the number of analysts that post an
earnings estimate for the current period, as reddsy I/B/E/S; Numerical Terms is the
standardized value of the number of numerical tamtlse announcement document divided by
the total number of words in the document; Intailigylds calculated as intangible assets divided
by total assets; and the B/M Ratio is the compamasket value of equity divided by its book
value of equity’

We expect both Analyst Coverage and Numerical Teéonexhibit negative interaction
effects with our hard and soft information variablél'hat is, the more analysts covering a firm
or the more numerical information contained inscltisure (i.e., the better the information
environment), the less the expected price impach fBUFE, Net Optimism, or Certainty.

Similarly, we expect a negative interaction effeetween Intangibility and our information

" In addition, we include industry control variablessed on one digit SIC codes in both regressiotetsd6) and

(N
8 Following Demers and Vega (2008), we also exarttiedevel of R&D expenditures (as a percent ofltassets)
and a high tech industry dummy variable as intévaderms in regression model (7).
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variables. All else equal, the more intangibleftha’s assets, the less the expected price impact
from SUFE, Net Optimism, or Certainty. Statedeliéntly, firms with more tangible assets will
have larger CARs for a given level of SUFE, Neti@pgm, or Certainty. In addition to assets in
place, we also examine growth opportunities asiptbly the M/B Ratio. We do not make
specific predictions for the interactions betweeswgh opportunities and our information

variables. We therefore treat this part of thdymigas an open empirical question.

3. Empirical results
3.1. Summary statistics

We report descriptive statistics for our main vialés of interest in Table 1. These
variables include Optimism, Pessimism, Net Optimi€martainty, SUFE, Numerical Terms,
CARs, Size, Analyst Coverage, Intangibility, and ¥/B ratio. Panel A’'s sample statistics
include the combined earnings forecasts, Panet&isple statistics are based on quarterly
earnings forecasts only, and Panel C’s samples8tatiare based on annual earnings forecasts
only. In each panel, we report the variable’s meaedian, standard deviation,"?percentile,
and 7% percentile.

The mean (median) Optimism value in Panel A is76((-1.2648). These negative
values show that management earnings forecastsddrelless optimistic than their respective
benchmark (i.e., a cross-section of English text$)e mean (median) Pessimism value is -
1.4674 (-1.6743), showing that management foree@dststend to be less pessimistic than their
benchmark. These results are consistent with the notionriatagers are concerned about
litigation risk (Hirst, Koonce, and Venkatarama@(@8)) and therefore tend to use conservative

language in their voluntary disclosures. When amlgine these two measures, we find that Net

° Optimism increases with the use of terms reladgoraise, satisfaction, and inspiration, while Feissn increases
with the use of terms related to blame, hardshig,denial (see Section 2.1. and Appendix A).
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Optimism has a mean (median) value of 0.4914 (@B75ince Net Optimism is one of our
main explanatory (soft) variables, it is also intpat to note that it displays considerable
variation with a value of -1.1068 at the"2percentile and 1.9520 at the"78ercentile. Our
other main (soft) variable is Certainty, which asiean (median) value of 16.4979 (15.8046).
This explanatory variable also displays considerastiation with a value of 12.2737 at thd"25
percentile and 19.9572 at the™7sercentile.

Forecasted earnings surprises, or SUFEs, repregentain hard variable of interest. In
Panel A, its mean (median) value is 0.0593 (0.04413) its 28 (75" percentile value is -
0.0900 (0.1850). If the information content of ragement forecasts consists only of hard (i.e.,
numerical) data, then SUFE will have substantiglaxatory power over abnormal
announcement returns — and our soft variablesO@émism and Certainty, will have little to no
explanatory power. We include summary statistiesSize since previous studies use firm size
as a proxy for asymmetric information, and inteiSize with both hard and soft explanatory
variables (see Demers and Vega (2008)). The mearSize in our sample is $1.1 billion
(e**99%% 1000), and the median Size is $994 milliot¥féx 1000).

Next, we report summary statistics for our depehstariable (3-day cumulative
abnormal returns (CARS)), as well as for our maintml variables (Numerical Terms, Analyst
Coverage, Intangibility, and the M/B ratio). Meamd median CARs are negative (-0.0146 and -
0.0027, respectively), consistent with previouslssi (e.g., Cheng and Lo (2006), Brockman,
Khurana, and Martin (2008)). The Numerical Termgan (median) of 0.0127 (0.0092)
illustrates that roughly 1% of the entire forecashouncement is dedicated to the provision of
numerical values (i.e., hard data). In other wosd$t data constitute 99% of the forecast

announcement’s content. Our sample firms haveannimedian) of 2.6558 (2.000) financial

10 Certainty increases with the use of terms rel&esoluteness, inflexibility, and completenes=e (Section 2.1.
and Appendix A).
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analysts following their companies, and the meaedfan) level of Intangibility is 0.1288
(0.0370).

We find similar results for our sample of quanddrecasts in Panel B and annual
forecasts in Panel C, with some notable exceptidine Net Optimism mean and median values
for annual forecasts are considerable larger thain quarterly forecast counterparts. The Net
Optimism annual forecast mean (median) is 0.75@8@3B) in Panel C, compared to the
quarterly forecast mean (median) of 0.0092 (-0.087Y®anel B. Managers appear to be more
optimistic in annual forecasts than in quarteriset@sts based on their hard information as well.
The SUFE mean (median) for annual forecasts is32.08.0625) in Panel C, compared to
0.0148 (0.0000) for quarterly forecasts in PaneMhile managers tend to be less optimistic
when providing quarterly forecasts, they also tende less certain about quarterly forecasts.
The mean (median) value for Certainty is only 188614.1322) for quarterly forecasts,
compared to 17.3784 (16.8953) for annual forecasts.

3.2. Correlations

In Table 2, we report correlations among our depatend control variables. We again
include separate panels for the combined, quaystanig annual forecasts for comparison
purposes. Correlations among most of our indepgndgiables are less than 10%, suggesting
that multicollinearity is not a major concern. \Werefore focus our discussion on those
variables with correlations greater than 10%. @etimism and Size have positive correlations
of 19%, 8%, and 22% in Panels A, B, and C, respelgti Certainty and Numerical Terms have
positive correlations of 19%, 38%, and 18% in Pa®elB, and C, and Certainty and CARs have
positive correlations of 11%, 9%, and 9%, respetyiv Although somewhat weaker, SUFE is
also positively correlated with CARs (8%, 11%, &9d). Analyst Coverage is negatively

correlated with CARs (-9%, -7%, and -11%), and ey correlated with Size (42%. 48%, and
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41%) and Intangibility (14%, 12%, and 10%). FigaWwe note that Intangibility and Numerical
Terms are negatively correlated (-15%, -16%, afd)-8
3.3.  Multivariate analysis. Benchmark case

In this section, we estimate regression model {@)raport the results in Table 3. We are
interested in examining the impact of hard and isdfirmation content in management forecasts
on announcement returns. We hypothesize thatharthand soft information play a significant
role in impounding value-relevant news into stocrket prices; that is, we expect the estimated
coefficients for each of the three explanatoryatales to be positive and significant. Because
our explanatory variables have been standardized:an also compare the relative impact of
each variable on abnormal announcement returns.

The empirical findings in Table 3 support our hypestis that the market prices
gualitative (i.e., soft) as well as quantitative (i hard) information. In Panel A, we show that
the estimated coefficient for our hard informati@riable, SUFE, is positive and significant
(coefficient = 0.00908-value = 9.76), consistent with expectations thatlarger the forecasted
earnings surprise, the larger the abnormal rettare importantly, we find that the estimated
coefficients for our soft information variables, tN&ptimism and Certainty, are positive and
significant (coefficients = 0.00946 and 0.011%9alues = 10.16 and 12.67, respectively). These
results confirm that the market prices the sofbinfation in management earnings forecasts,
particularly as this information relates to Net @psm and Certainty. We also note that the
estimated coefficient magnitudes and relatsthtistics of the soft variables are larger tharsée
of the hard variable. Certainty’s coefficient, &otample, is roughly 30% larger than SUFE’s
coefficient. To the best of our knowledge, thessutts represent the first empirical evidence in
the literature that verify the importance of sofiormation in management forecasts.

In Panels B and C of Table 3, we repeat our arabsil examine quarterly and annual

forecasts separately. In both panels, the estar@efficients for SUFE are positive and
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significant. More importantly, the estimated coménts for Net Optimism and Certainty are
consistently positive and significant. While trstimated coefficient for SUFE is larger than
those of the soft variables in Panel B using quigrferecast data, the estimated coefficients for
Net Optimism and Certainty are both larger thane$ténated coefficient for SUFE in Panel C
using annual forecast data. Overall, the resnl®&ble 3 show that not only does the market
price soft information, but that it generally patere weight on the soft information contained in
announcements than on the hard, numerical infooma&ntained in these same announcements.
34. Analysisof nonlinearities

In Table 4, we report the results from regressiadeh (4) that includes squared soft
information terms. We established in the previeertion that both Net Optimism and Certainty
have positive and significant relations with th@atmal returns surrounding management
forecasts. In this section, we further examinsdhrelations by introducing squared terms into
regression model (3) for each of the soft informatiariables® A positive (negative) and
significant coefficient on a squared term sugg#ssthe relation between abnormal returns and
our soft information variable is convex (concavé&he interpretation of a convex (concave)
relation is that the positive and significant relatdocumented in Table 3 increases (decreases)
at higher levels of the soft information variable.

Across all three panels in Table 4, we find thatéktimated coefficients for both the
hard (SUFE) and soft (Net Optimism and Certaimypimation variables remain positive and
significant after including the squared terms. &lonportantly, we find that the estimated
coefficient for the squared Certainty term is negaand significant in all three panels. These
findings show that there is a diminishing margieti¢ct of Certainty on abnormal returns around

management earnings forecasts (i.e., a concaw®rglaln contrast, we find no significant

™ |In untabulated results, we also examine nonlitiearin the relation between our hard informatianiable, SUFE,
and CARs. We find that the estimated coefficieot SUFE squared is negative and significant, sirmibabut
weaker than the estimated coefficient for Certaistypared. However, including a SUFE squared terta i
regression model (4) does not alter our conclusidgtisrespect to Net Optimism squared or Certaguyared.

17



relation between squared Net Optimism and abnoretains — suggesting that changes in Net
Optimism have similar effects on abnormal retuegardless of the starting level of Net
Optimism. So, while Certainty experiences dimimgfreturns, Net Optimism displays constant
returns.

3.5.  Hard and soft information: Compliments or substitutes?

In this section, we estimate regression modeld®xamine the relation between hard
information and soft information. We are interésite determining whether hard and soft
information behave as compliments or substitutes also possible that these two information
types have no significant interaction effects. Mjeort our empirical results in Table 5.

We find a significant substitution effect for badtlet Optimism and Certainty using the
combined data in Panel A. The estimated coeffid@nthe interaction between Net Optimism
and SUFE is -0.00151-yalue = 1.94), suggesting that Net Optimism is ergffective when
SUFE is relatively small. We find similar, yetatiger, results for the interaction between
Certainty and SUFE, with an estimated coefficignr0d00373 (-value = 3.94). Again, we
interpret this result as evidence of a substituéiffact between hard information and soft
information. Certainty has a stronger impact anrttarket’s reaction to earnings forecasts when
SUFE is relatively small. When we separate ourldoed data into quarterly forecasts (Panel B)
and annual forecasts (Panel C), we find that thstgution effect observed in Panel A is only
significant for the annual forecasts.

Overall, our Table 5 results show that hard infdforaand soft information exhibit
substitution effects, particularly at the levelaminual earnings forecasts. In contrast, we find no
evidence of a complimentary relation for quarteaynual, or combined earnings forecasts.

3.6. Interactionswith firmsize
In Table 6, we add firm Size to our baseline regjoes(3) and examine its interaction

with both hard and soft information variables (regression model (6)). Since Size proxies for
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the information environment of the firm, we exptxfind that the firm Size mitigates the impact
of hard and soft information on abnormal returns. (inegative coefficients on interaction terms).
The empirical results in Table 6 consistently supfios hypothesis for both soft and hard
information variables in Panels A, B, and*C.

More specifically, we show in Panel A that the mstied coefficient for the interaction
between Size and SUFE is -0.006%24lue = -6.79). Turning to our soft informatioariables,
we find that the estimated coefficient for the ratgion between Size and Net Optimism is -
0.00370 t-value = -4.33), and the estimated coefficienttfar interaction between Size and
Certainty is -0.0075%4value = -8.10). We note firm Size has the greafect on Certainty,
precisely what one would expect if Size is a goauky for the information environment of the
firm. These results add further evidence to outre¢ claim that soft information contains
significant explanatory power with respect to marad announcement effects. The negative
interaction-term coefficients show that the impafdboth hard and soft information depends on
the firm’s information environment. The influenaksoft information is similar to, yet generally
stronger than, the impact of hard information.

Similar findings are presented in Panel B for gerdytdata and Panel C for annual data.
In Panel B, that the estimated coefficient forititeraction between Size and SUFE is -0.00563
(t-value = -2.92), the estimated coefficient for thieraction between Size and Net Optimism is
-0.00477 {-value = -2.76), and the estimated coefficienttifigr interaction between Size and
Certainty is -0.00986+alue = -4.64). Similarly, the results in Panetl@w that the
interactions between Size and all information Ja@ga are negative and statistically significant.
Overall, we interpret these findings as evideneg $loft information is particularly important
when the firm’s information environment is relafiwepaque.

3.7. Analysisof additional interaction effects

12 All empirical results in Table 6 include one di§itC control (dummy) variables.
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In Table 7, we estimate regression model (7) byremiag the interactions between our
main variables of interest (SUFE, Net Optimism, &dltainty) and alternative proxies for the
firm’s information environment (Analyst Coveragedadumerical Terms) — as well as for
proxies of fundamental firm characteristics (Intéildy and the M/B Ratio). Our main
objective is to examine whether the price impadtlef Optimism and Certainty on earnings
forecast announcements is influenced by thesefgpéion attributes™

As discussed above in our hypothesis developmetibeewe expect negative
interaction effects between both Analyst CoveraggMumerical Terms and our information
variables. That is, the better the firm’s inforroatenvironment (i.e., the more the Analyst
Coverage and Numerical Terms), the less the pmpact that we expect from SUFE, Net
Optimism, or Certainty. Although most of the esitad coefficients for these interaction terms
are negative in Panel A (Analyst Coverage), nonthein is statistically significant. And in
Panel B (Numerical Terms), we find only weak evicenf negative interaction effects. The
estimated coefficient for the interaction betweanrérical Terms and Certainty is -0.00187 (
value = -2.14) using the combined forecasts, ar@D45b5 {-value = -3.04) using the quarterly
forecast. None of the remaining interaction teisrggnificant. These results suggest that Size
(as used in Table 6) is a better proxy for the ‘Brmformation environment than either Analyst
Coverage or Numerical Terms. Alternatively, one tderpret these results as showing that the
impact of SUFE and Net Optimism on announcement €£&8Rimply not sensitive to Analyst
Coverage or Numerical Terms.

In Panels C and D, we examine the interaction batviem characteristics and SUFE,
Net Optimism, and Certainty. The results in P&hebnfirm our expectation of negative
interactions between Intangibility and these infation variables. All else equal, firms with

more tangible assets exhibit a greater price impant SUFE, Net Optimism, and Certainty on

13 As in Table 6, all empirical results in Table €lirde one digit SIC control (dummy) variables.
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their announcement CARs. The estimated coeffid@rihe interaction between Intangibility
and SUFE is -0.00317-yalue = -3.12) based on the combined forecasis-@.00246 tvalue =
-2.68) for Net Optimism, and -0.00446value = -4.89) for Certainty. Most of these iateion-
term coefficients are also negative and signifiaesihg quarterly and annual forecasts. In Panel
D, we find no significant interactions between M8 Ratio and our information variables.
Taken together, our Panel C and D results suggasthe impact of SUFE, Net Optimism, and
Certainty on a firm’s announcement returns is $e@sio its assets in place, but insensitive to its
future growth opportunitie¥’
3.8. Robustnesstests: Alternative definitions

In a recent paper, Loughran and McDonald (2009 tpmit that commonly-used word
classification lists, designed to identify wordgswpositive or negative connotations in public
texts, might be inappropriate for finance-relatesetarch. While words such as liability or
depreciation have negative implications in commsage, they have neutral implications in
financial usage. Loughran and McDonald propose éiernative word lists based on word
counts (and meanings) contained in 10-K filingsiege word lists include (1) positive (Fin-Pos),
(2) uncertain (Fin-Unc), (3) litigious (Fin-Lit)4§ strong modal words (MW-Strong), and (5)
weak modal words (MW-Weak). The first two qualitatvariables, Fin-Pos and Fin-Unc,
correspond closely to our qualitative variablest @ptimism and Certainty, respectively. We
therefore use Fin-Pos and Fin-Unc as alternatiggi@s for our qualitative information
variables™® We expect to find a positive (negative) and digant relation between

announcement returns and Fin-Pos (Fin-Unc).

4 Our main findings and conclusions reported in €ablare unaltered by the inclusion of Size as atitiadal

explanatory variable in regression model (7).

15We also estimate regressions using all five catilé terms (Fin-Pos, Fin-Unc, Fin-Lit, MW-Strorgnd MW-

Weak) plus SUFE as our independent variables. sidres, magnitudes, and significance levels forRimePos and
Fin-Unc coefficients from these regressions arg senilar to those reported in Table 8.
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Our findings in Table 8 based on alternative safftimation proxies (i.e., Fin-Pos and
Fin-Unc) confirm our earlier Table 3 results basad\et Optimism and Certainty. In Panel A,
we find that the estimated coefficient for the hafdrmation variable, SUFE, is positive and
significant (coefficient = 0.0094%:value = 10.13), consistent with expectations amdl@ble 3
results. More importantly, we show that the estedaoefficient for Fin-Pos is positive and
statistically significant (coefficient = 0.0058#yalue = 6.20), and the estimated coefficient for
Fin-Unc is negative and statistically significaobé€fficient = -0.00536t-value = 5.70).

In Panels B and C of Table 3, we repeat our arabsil examine quarterly and annual
forecasts separately. In both panels, the estaatefficients for SUFE are positive and
significant. The estimated coefficients for FinsRio Panels B and C are also both positive and
significant. Fin-Unc has a negative and signiftaarefficient in Panel C using annual data, but
its coefficient is negative and insignificant ine&B using quarterly data. Overall, the resuits i
Panels B and C are consistent with expectationsinitar to those in Panel A.

More generally, our Table 8 results show that tlaeket prices the soft information in
management earnings forecasts, consistent witprewrous findings using Net Optimism and
Certainty. Announcement returns are significatagtger when the qualitative text of the
announcement reveals managerial optimism and ogrtaieven after controlling for the text’s
guantitative information. Taken together, both oain results and these additional robustness

checks support the conclusion that qualitativermiztion is value relevant.

4. Conclusions

In this study, we examine the announcement effefdtard (quantitative) and soft
(qualitative) information contained in managemernengs forecasts. Consistent with previous
studies, we confirm a positive relation betweengamings surprise component (i.e., SUFE) of

the announcement and the magnitude of the abnoatuah. In contrast with previous studies,
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we examine the impact of soft information on abradrreturns while controlling for the impact
of hard information.

More specifically, we collect over 15,000 managengamnings forecasts from 1994 to
2007 to examine the role that soft information playthe pricing of forecast announcements.
We estimate three-day cumulative abnormal retu@AsRs) using standard event study
methodology. In our benchmark case, we regreset@ARs on both hard and soft information
variables. Our empirical results confirm that tekation between CARs and hard information
(SUFE) is positive and significant, consistent vaitpectations. More importantly, our results
confirm that Net Optimism and Certainty have pesitand significant effects on these same
CARs — an incremental effect over and above ang imiormation effects. To the best of our
knowledge, these are the first empirical resultsrshg that the qualitative data in management
forecasts contain value-relevant information. Withthis finding, it is difficult to explain why
rational managers dedicate roughly 99% of the cdrdktheir voluntary disclosures to
gualitative information.

In subsequent empirical tests, we find that Cetyagmhibits a concave relation to the
announcement impact of management forecasts. \Wafte is a diminishing marginal impact of
Certainty on announcement returns, we find no swctiinearity for Net Optimism. We also
examine the relation between hard information aftisformation. It is possible that hard and
soft information act as compliments or substitiitesne another. Our results reveal consistent
evidence in favor of a substitution effect betw&HE and Certainty, as well as between SUFE
and Net Optimism based on our full sample. Sepeayaiur sample into quarterly and annual
forecasts shows that the substitution effect isgged from annual management forecasts.

Next, we extend this analysis and examine the ameuent impact of hard and soft
information as a function of the announcing firnm&rmation environment (as proxied by firm

Size). As hypothesized, we find that the inteacbetween Size and Net Optimism is negative
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and significant for quarterly, annual, and combif@écast announcements. We find the same
negative and significant relation for the interastbetween Size and Certainty. These findings
show that soft information plays an especially im@ot role for small firms with less transparent
information environments.

We then examine the interaction effects betweenrdarmation variables and other
proxies for the firm’s information environment (Apst Coverage and Numerical Terms), and
between our information variables (SUFE, Net Opgimiand Certainty) and firm-specific
characteristics (Intangibility and M/B Ratio). Wed weak evidence of negative interaction
effects between our information variables and ttexraative proxies for the firm’s information
environment. In contrast, we find consistent enteof negative and significant interaction
effects between our information variables and Igtaitity, and no significant interaction effects
between our information variables and the firm'svgth opportunities.

Lastly, we perform robustness tests using alteraairoxies for qualitative information.
We apply alternative word lists designed by Loughaad McDonald (2009) and construct their
gualitative terms, positive (Fin-Pos) and uncetta(fin-Unc). Our subsequent regression
results confirm a positive (negative) and significeelation between management earnings
forecast announcements and Fin-Pos (Fin-Unc). elfiedings suggest that our empirical
results are robust to alternative word list deiioms.

Our study makes two primary contributions to tmafice literature. First, we add to the
growing literature showing that corporate annoureetsicontain value-relevant soft, as well as
hard, information. Second, our results providetids understanding of the role played by
management earnings forecasts. Such announcearergarticularly interesting because, unlike
earnings or dividend announcements, managemerihgarorecasts are voluntary. Managers
decide what to announce (i.e., hard versus sadtrimétion) and when to announce it. This

setting provides a unigue opportunity to analyzeualue relevance of soft information on
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market valuations. Overall, our study provides sdence on the relative importance of hard

versus soft information in the context of voluntdigclosures.
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Appendix A
Summary of Variable Definitions

Variable Definition

Optimism Language which is optimism increasin@ige + satisfaction + inspiration). This
value is normalized using means and standard densatomputed from a cross-
section of English text.

Pessimism Language which is optimism decreasiragr(bl+ hardship + denial). This value
is normalized using means and standard deviatiomgpuated from a cross-
section of English text.

net optimism Optimism minus pessimism

(not standardized

NetOpt netopti mismj,t ~ Hnetoptimism

(standardized)

NetOpt;; =

O netoptimim
netoptimism;, is the net optimism for firm " in quarter ‘t’,
Hneroptimism 1S th€ mean net optimism across all firms acrosguairters, and
Tratoptinism 1S the standard deviation in net optimism acrokfirais across all
quarters

certainty
(not standardized

Language indicating resoluteness, inflexibilitydamompleteness (tenacity +
leveling + collectives + numerical_terms) — (anad@nce + self_reference +
variety). Note that we follow Demers and Vega @0&dd the numerical_terms
rather than subtract them. This is to accommoitheelifferent meaning of
numerical terms in financial text. This value @malized using means and
standard deviations computed from a cross-secfi@mglish text.

Certainty
(standardized)

certal ntyj t ~ Heertainty

Certainty;, =
O certainty

certainty,, is the certainty for firm ‘j’ in quarter ‘t’,
is the mean certainty across all firms acrossuargrs, and
is the standard deviation in certainty acrossimatig across all quarters

Heertai nty

0 certai nty

UFE

Unexpected Forecasted Earniturg;, = CIG;, —~EPS;,_,
CIG;, is the new earnings forecast for firm ‘j" in quarte, and
EPS;,_, Is the actual earnings for firm ‘' in last yeaysarter ‘t-4’.

SUFE

: UFE;, -
Standardized Unexpected Forecasted Earn SUFE,, = —— 1t U
OurE

UFE,, is defined above
U,ee 1S the mean of UFE across all firms across all gusr
o,ee 1S the standard deviation of UFE across all firmsas all quarters
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Summary of Variable Definitions (continued)

Variable

Definition

CARs

We use EVENTUS to calculate four different GAllased on combinations of tw
market indices (CRSP Equally Weighted & CRSP ValMgghted) and two
benchmarks (Market-Adjusted & Market Model).

Our estimation period parameters are as follows:
* EST (end before event date): -30
«  MINESTN (minimum estimation length): 3
e ESTLEN (maximum estimation length): 100

Our event windows are defined as follows:
« Eventwindow 1: PRE=-1,POST=1
« Event window 2: PRE = 2, Post = 65

We only report results for the ‘Market’ model usithg ‘CRSP Equal Weighted’
index. In untabulated tests we run all four combons of model/index and find
no substantive difference in results.

We find that event window matters. In untabulatsts we find that our results &
not significant in the longer event window. Weibe¢ that this is because the
longer event window extends past the end of thetguafter the actual earnings
are released. Once the investors have actuahearmformation, the old soft
information becomes irrelevant to them.

Size

The natural logarithm of the firm’s market italization defined as shares
outstanding (‘shrout’) times share price (‘prchiddata is pulled from CRSP.

Analyst

The natural logarithm of the number of gatd that posted an earnings estimats
for the current quarter, as reported on I/B/E/S.

Intangibility

Intangibility is defined as the ratof Intangible assets (‘intanq’) divided by total
assets (‘atq’).

(0]

Are

D

Numerical

The normalized value of the number of atioal terms in the document divided
by the total number of words in the document.

M/B

Market value divided by book value. We caldald as the ratio of (‘shrout’ *
‘prc)/ceqq. ‘ceqq’is defined as ‘common/ordinaquity — total’ and is used in
accounting literature as a measure of book value.

Industry

Firms grouped by SIC codes.

HiTech

Hi Tech firms are not limited to one partanundustry. Therefore we compute Hi

Tech as follows: hitech equal to 1 if SIC is 35&¥3, 3622, 3660-3692, 3694-
3699, 3810-3839, 7370-7372, 7373-7379, 7391, 877348

R&D

Research and Development Ratio: We use COMPUSIBa to estimate the R&

ratio as R&D expenses (‘xrdy’) over total expencki(‘xsgay’ plus ‘xrdy’).
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Table 1: Descriptive Statistics

In this table we present summary statistics forftiewing variables Optimism which consists
of words in the following categories: praise, dattion and inspirationPessimism which
consists of words in the following categories: béarhardship and denialNetOpt which is
Optimism less Pessimism. Certainty which consists of words indicating resoluteness,
inflexibility and completenes€ARs which are computed over 3 days around the annoueice
date. SUFE which is the standardized unexpected earningscéste Analyst which is the
number of analysts covering firm j in quarterltitangibility which is intangible assets divided
by total assets.M/B which is market value divided by book value. Tample period spans
1994 to 2007 and includes those firms which appeanethe First Call company issued
guidelines database and for which a matching comnpeagss release was found in Lexus-Nexus
The sample was divided three ways. In Panel Aepent results for our entire sample of 14,938
company issued guidance press releases. In Pangl Eport results for the 5,216 quarterly
releases. In Panel C we report results for theDannual releases.

Panel A: Combined Data

average median  std dev 25 percentile 75 percentile
Optimism -0.9760 -1.2648  1.9051 -2.2613 -0.0303
Pessimism -1.4674 -1.6743  1.5277 -2.5027 -0.6453
NetOpt 0.4914  0.3752 2.5976 -1.1068 1.9520
Certainty 16.4979 15.8046  6.0432 12.2737 19.9572
SUFE 0.0593 0.0413 0.4882 -0.0900 0.1850
CARs -0.0146 -0.0027  0.1151 -0.0539 0.0403
Size 13.9026 13.8100 1.8046 12.7210 15.0832
Analyst 2.6558  2.0000 2.9375 1.0000 4.0000
Intangibility 0.1288  0.0370 0.1777 0.0000 0.2086
Numerical 0.0127  0.0092 0.0127 0.0056 0.0150
M/B 4.1385 2.1840 172.1769 1.4228 3.4966

Panel B: Quarterly Data

average median  std dev 25 percentile 75 percentile
Optimism -1.1408 -1.4007 1.8865 -2.4238 -0.1780
Pessimism -1.1500 -1.3514 1.6580 -2.2738 -0.2582
NetOpt 0.0092 -0.0876 2.6638 -1.6208 1.5206
Certainty 14.8567 14.1322 5.2965 11.3063 17.5216
SUFE 0.0148 0.0000 0.4981 -0.1700 0.1400
CARs -0.0334 -0.0160 0.1406 -0.0909 0.0410
Size 13.4189 13.3261 1.8337 12.1414 14.5087
Analyst 2.7646  2.0000 3.2035 0.0000 4.0000
Intangibility 0.0841  0.0000 0.1546 0.0000 0.0983
Numerical 0.0166 0.0124 0.0148 0.0078 0.0202
M/B 3.0772 2.0061 14.7103 1.2688 3.2364
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Table 1 (continued): Descriptive Statistics

Panel C: Annual Data

average median  std dev 25 percentile 75 percentile
Optimism -0.8876 -1.2004  1.9092 -2.1625 0.0547
Pessimism -1.6377 -1.8251 1.4242 -2.5985 -0.8860
NetOpt 0.7501  0.5843 2.5239 -0.8006 2.1659
Certainty 17.3784 16.8953  6.2327 13.0358 20.9277
SUFE 0.0832  0.0625 0.4811 -0.0500 0.2050
CARs -0.0045 0.0013 0.0972 -0.0377 0.0401
Size 14.1621 14.0703 1.7341 12.9971 15.3051
Analyst 2.5974  2.0000 2.7827 1.0000 4.0000
Intangibility 0.1528  0.0742 0.1846 0.0000 0.2586
Numerical 0.0106  0.0079 0.0108 0.0050 0.0124
M/B 47080 2.2974 213.1535 1.5126 3.6035
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Table 2: Correlation Matrix

In this table we present summary statistics forftiewing variables Optimism which consists
of words in the following categories: praise, dattion and inspirationPessimism which
consists of words in the following categories: béarhardship and denialNetOpt which is
Optimism less Pessimism. Certainty which consists of words indicating resoluteness,
inflexibility and completenes€ARs which are computed over 3 days around the annoueice
date. SUFE which is the standardized unexpected earningscéste Analyst which is the
number of analysts covering firm j in quarterltitangibility which is intangible assets divided
by total assets.M/B which is market value divided by book value. T&ample period spans
1994 to 2007 and includes those firms which appeanethe First Call company issued
guidelines database and for which a matching comnpeagss release was found in Lexus-Nexus
The sample was divided three ways. In Panel Aepent results for our entire sample of 14,938
company issued guidance press releases. In Pangl Eport results for the 5,216 quarterly
releases. In Panel C we report results for theDannual releases.

Panel A: Combined Data
NetOpt Certainty SUFE CARs Size Analyst Intangibility Numerical M/B

NetOpt 1

Certainty 0.01 1

SUFE 0.02 0.03 1

CARs 0.09 0.11 0.08 1

Size 0.19 0.06 0.03 0.09 1

Analyst 0.05 -0.04 0.01 -0.09 0.42 1

Intangibility ~ 0.09 0.07 0.05 0.10 0.14 0.02 1

Numerical -0.06 0.19 -0.03 -0.01 -0.07 0.01 -0.15 1

M/B 0.00 0.00 0.01 0.00 0.01 0.00 -0.01 0.01 1

Panel B: Quarterly Data
NetOpt Certainty SUFE CARs Size Analyst Intangibility Numerical M/B

NetOpt 1

Certainty -0.01 1

SUFE 0.04 0.03 1

CARs 0.08 0.09 0.11 1

Size 0.08 0.07 0.02 0.11 1

Analyst 0.02 0.02 0.01 -0.07 0.48 1

Intangibility ~ 0.05 0.03 0.07 0.10 0.12 0.03 1

Numerical -0.01 0.38 001 0.05 -0.01 -0.01 -0.16 1

M/B 0.02 0.02 0.02 0.01 0.06 0.00 0.02 0.00 1

Panel C: Annual Data
NetOpt Certainty SUFE CARs Size Analyst Intangibility Numerical M/B

NetOpt 1

Certainty -0.01 1

SUFE 0.00 0.01 1

CARs 0.06 0.09 0.05 1

Size 0.22 -0.01 0.02 0.03 1

Analyst 0.08 -0.06 001 -0.11 041 1

Intangibility ~ 0.07 0.03 0.03  0.07 0.10 0.02 1

Numerical -0.05 0.18 -0.03 -0.01 -0.04 0.01 -0.08 1

M/B -0.01 0.00 0.01 0.00 0.00 0.01 -0.01 0.02 1
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Table 3: The Effect of Hard and Soft I nfor mation on Disclosur e Period CARs
In this table we estimate the following equation:

1

Z AR, = o+ BSUFE; + B, NetOpt;, + fCertainty;; + ¢,

i=-1
WhereSUFE; 4 is the standardized unexpected forecasted earfondgsm ‘j’ in quarter
‘q". NetOpt;; is the standardized net optimism for firm ‘" inayter ‘t’. Certainty;; is the
standardized certainty for firm ‘" in quarter ‘tThe sample period spans 1994 to 2007
and includes those firms which appeared in thet &l company issued guidelines
database and for which a matching company presaselwas found in Lexus-Nexus
The sample was divided three ways. In Panel Aepent results for our entire sample of
14,938 company issued guidance press releasefaral B we report results for the
5,216 quarterly releases. In Panel C we repoultsefor the 9,722 annual releases.

Panel A: Combined Data

coefficient t-stat p-value
SUFE 0.00908 9.76  0.0000 ** AdjR2: 2.44%
NetOpt 0.00946 10.16 0.0000  *** f-stat: 125.30
Certainty 0.01179 12.67 0.0000  ***
Intercept -0.01461 -15.71 0.0000  ***

Panel B: Quarterly Data

coefficient t-stat p-value
SUFE 0.01406 7.45 0.0000 ** AdjR2: 2.46%
NetOpt 0.01079 5.75 0.0000 *** f-stat: 44.82
Certainty 0.01386 6.31 0.0000 ***
Intercept -0.02639 -12.88 0.0000  ***

Panel C: Annual Data

coefficient t-stat p-value
SUFE 0.00520 5.23 0.0000 ** AdjR2: 1.40%
NetOpt 0.00638 6.33  0.0000  *** f-stat: 47.15
Certainty 0.00819 8.62  0.0000  ***
Intercept -0.00659 -6.62 0.0000  ***
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Table 4: Theeffect of Squared Soft Infor mation on Disclosure Period CARs
In this table we estimate the following equation:

1

ZARJJH: Bo+ BSUFE; + B,NetOpt;  + fzNetOpt?, + B Certainty;, + fCertainty?, +¢;,

i=-1
WhereSUFE;; is the standardized unexpected forecasted earfondsm ‘' in quarter
‘. NetOpt;; is the standardized net optimism for firm ‘j’ imayter ‘t’. Certainty;; is the
standardized certainty for firm ‘" in quarter ‘tThe sample period spans 1994 to 2007
and includes those firms which appeared in thet K@l company issued guidelines
database and for which a matching company presaselwas found in Lexus-Nexus
The sample was divided three ways. In Panel Aepent results for our entire sample of
14,938 company issued guidance press release®anal B we report results for the
5,216 quarterly releases. In Panel C we repoultsefor the 9,722 annual releases.

Panel A: Combined Data
coefficient t-stat p-value

SUFE 0.00905 9.72 0.0000 ** AdjR2: 2.58%
NetOpt 0.00936 9.89 0.0000  *** f-stat: 80.13
NetOpt/ 2 -0.00007 -0.13 0.8940

Certainty 0.01410 13.49 0.0000  ***

Certainty"2 -0.00250 -4.91 0.0000  ***

Intercept -0.01204 -10.35 0.0000  **=

Panel B: Quarterly Data
coefficient t-stat  p-value

SUFE 0.01416 7.50 0.0000 ** AdjR2: 2.55%
NetOpt 0.01088 5.79  0.0000  *** f-stat: 28.34
NetOpt"2 0.00156 157 0.1167

Certainty 0.01516 6.69  0.0000  ***

Certainty"2 -0.00291 -2.20 0.0276 *

Intercept -0.02526  -9.70 0.0000  ***

Panel C: Annual Data
coefficient t-stat p-value

SUFE 0.00517 5.21 0.0000 ** AdjR2: 1.54%
NetOpt 0.00651 6.11  0.0000  *** f-stat: 31.44
NetOpt"2 -0.00035 -0.63 0.5285

Certainty 0.01034 9.32 0.0000  ***

Certainty"2 -0.00193 -3.86 0.0001 ***

Intercept -0.00449  -3.75 0.0002  ***
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Table5: Interaction effects between Hard and Soft I nfor mation
In this table we estimate the following regression:

1
i:z—lARj’Hi =fg+ /}1SUFEJ-,t + ﬁzNetOptj,t + /330ertajntyj’t + /}481JFEJ-’t NetOptj,t

+ p’SSUFEJ-,tCertaintyLt + &t

WhereSUFE;; is the standardized unexpected forecasted earfondsm ' in quarter
‘. NetOpt;; is the standardized net optimism for firm ‘j’ imayter ‘t’. Certainty;; is the
standardized certainty for firm ‘" in quarter ‘tThe sample period spans 1994 to 2007
and includes those firms which appeared in thet ki@l company issued guidelines
database and for which a matching company presaselwas found in Lexus-Nexus
The sample was divided three ways. In Panel Aepent results for our entire sample of
14,938 company issued guidance press release®aral B we report results for the
5,216 quarterly releases. In Panel C we repoultsefor the 9,722 annual releases.

Panel A: Combined Data

coefficient  t-stat p-val
SUFE 0.00874 9.36 0.0000 *** Adj R2:  2.55%
NetOpt 0.00940 10.09 0.0000 ** f-stat: 79.14
Certainty 0.01187 12.76  0.0000 ***
SUFE*NetOpt -0.00152 -1.94  0.0527 .
SUFE*Certainty -0.00373 -3.94  0.0001 ***
Intercept -0.01445 -15.54 0.0000 ***

Panel B: Quarterly Data

coefficient  t-stat p-val
SUFE 0.01357 6.48 0.0000 *** Adj R2:  2.45%
NetOpt 0.01097 5.80 0.0000 *** f-stat: 27.21
Certainty 0.01371 6.24 0.0000 ***
SUFE*NetOpt 0.00107 0.65 0.5160
SUFE*Certainty -0.00240 -1.13  0.2590
Intercept -0.02638  -12.88 0.0000 ***
Panel C: Annual Data

coefficient  t-stat p-val
SUFE 0.00570 5.65 0.0000 *** Adj R2:  1.50%
NetOpt 0.00644 6.39 0.0000 *** f-stat: 30.61
Certainty 0.00837 8.80 0.0000 ***
SUFE*NetOpt -0.00163 -1.90 0.0574 .
SUFE*Certainty -0.00295 -2.97 0.0030 **
Intercept -0.00658 -6.61 0.0000 ***
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Table 6: The Effect of Market Capitalization and Hard and Soft I nformation on
Disclosure Period CARs
We interact size and control for industry in thedlae regression:

1

Z AR, = f, + p,SUFE, + B,SUFE,, Sze,, + ,SNetOpt,, + 5,SNetOpt;, Sze;,

=I=i

+ B.sCertainty;, + f,Certainty;, Sze, + f,Sze,, + ¢,

WhereSzg; is the standardized natural log of the firm’'s nedr&apitalizationSUFE;; is
the standardized unexpected forecasted earnindsrfofj’ in quarter ‘t". NetOpt;; is the
standardized net optimism for firm ‘j’ in quarter.’ Certainty;; is the standardized
certainty for firm ‘j" in quarter ‘t'.We control for industry by using one digit SIC ced
The sample period spans 1994 to 2007 and includesetfirms which appeared in the
First Call company issued guidelines database anaviiich a matching company press
release was found in Lexus-Nexus. In Panel A wenteresults for our entire sample of
14,938 company issued guidance press releasd®ank B we report results for the 5,216
quarterly releases. In Panel C we report resattghe 9,722 annual releases.

Panel A: Combined Data
coefficient t-stat  p-value

SUFE 0.00969 10.35 0.0000 *** AdjR2: 3.85%
NetOpt 0.00873 9.16  0.0000 *** f-stat: 38.41
Certainty 0.01194 12.63 0.0000  ***
SUFE 0.00623 6.31 0.0000 ***
size*SUFE -0.00672  -6.79 0.0000  ***

size*NetOpt -0.00370  -4.33 0.0000  ***
size*Certainty -0.00759 -8.10 0.0000  ***
Intercept -0.01308 -2.56 0.0105 *

Panel B: Quarterly Data
coefficient t-stat p-value

SUFE 0.01313 6.90 0.0000 *** AdjR2: 4.51%
NetOpt 0.01009 5.28 0.0000 *** f-stat: 16.40
Certainty 0.01038 4.68 0.0000 ***
SUFE 0.00746 3.59 0.0003 ***
size*SUFE -0.00563 -2.92 0.0035 **

size*NetOpt -0.00477 -2.76 0.0058 **
size*Certainty -0.00986  -4.64 0.0000  ***
Intercept -0.04070  -3.64 0.0003  ***

Panel C: Annual Data
coefficient t-stat p-value

SUFE 0.00690 6.51 0.0000 ** AdjR2: 1.90%
NetOpt 0.00643 6.00 0.0000  *** f-stat: 12.79
Certainty 0.00937 9.39 0.0000 ***
SUFE 0.00240 219 0.0286 *
size*SUFE -0.00552  -4.78 0.0000 ***

size*NetOpt -0.00188 -1.94 0.0521 .
size*Certainty -0.00488 -4.90 0.0000 ***
Intercept 0.00118 0.22 0.8236

36



Table 7: Interaction Effects with Information Environment and Firm Char acteristics
We interact firm characteristics and control faesand industry to estimate the following equation:

+1

WhereX;; is the standardized firm characterist®JFE;; is the standardized unexpected forecasted earfinggm ‘j’ in quarter ‘t’.
sNetOpt;, is the standardized net optimism for firm J’ imayter ‘t". Certainty;, is the standardized certainty for firm " in qter ‘t". We
control for industry by using one digit SIC codeBhe sample period spans 1994 to 2007 and inclimbse firms which appeared in the
First Call company issued guidelines database angfiich a matching company press release was foubexus-Nexus. In Panel A we
report results for our entire sample of 14,938 canypissued guidance press releases. In PanelBpoet results for the 5,216 quarterly
releases. In Panel C we report results for theDannual releases.

Combined Forecasts Quarterly Forecasts Annual Forecasts
coefficient t-stat p-val coefficient  t-stat p-val coefficient t-stat p-val
Panel A: Analyst Coverage

SUFE 0.00932 9.98 0.000 *** 0.01491 7.86 0.000 *** 0.00539 5.41 0.000 ***
NetOpt 0.01051 11.20 0.000 *** 0.01269 6.73 0.000 *** 0.00726 7.12 0.000 ***
Certainty 0.01119 11.95 0.000 *** 0.01275 5.79 0.000 *** 0.00783 8.18 0.000 ***
Analyst -0.00908 -9.74 0.000 *** -0.01092 -5.65 0.000 *** -0.00844 -8.21 0.000 ***
Analyst * SUFE -0.00094 -1.05 0.294 -0.00144 -0.75 0.454 -0.00086 -0.92 0.357
Analyst * NetOpt -0.00032 -0.35 0.725 -0.00228 -1.30 0.195 0.00059 0.57 0.567
Analyst * Certainty 0.00041 0.43 0.666 0.00030 0.15 0.883 0.00055 0.55 0.583
Intercept -0.01730 -3.38 0.001 *** -0.05060 -4.55 0.000 *** 0.00023 0.04 0.965

Panel B: Numerical Terms

SUFE 0.00909 9.75 0.000 *** 0.01497 7.70 0.000 *** 0.00532 5.07 0.000 ***
NetOpt 0.00974 10.32 0.000 *** 0.01238 6.18 0.000 *** 0.00637 6.24 0.000 ***
Certainty 0.01200 12.54 0.000 *** 0.01350 5.60 0.000 *** 0.00843 8.58 0.000 ***
Numerical -0.00149 -1.31 0.190 0.00345 1.69 0.091 . -0.00193 -1.33 0.184
Numerical * SUFE 0.00046 0.57 0.572 -0.00111 -0.91 0.365 0.00046 0.34 0.736
Numerical * NetOpt 0.00009 0.11 0.916 0.00025 0.17 0.864 -0.00061 -0.56 0.578
Numerical * Certainty -0.00187 -2.14 0.032 * -0.00455 -3.04 0.002 ** -0.00074 -0.68 0.496
Intercept -0.01591 -3.10 0.002 ** -0.04886 -4.38 0.000 *** 0.00097 0.18 0.855
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Table 7: Interaction Effects with Information Environment and Firm Characteristics (Continued)

Combined Forecasts Quarterly Forecasts Annual Forecasts
coefficient t-stat p-val coefficient t-stat p-val coefficient t-stat p-val
Panel C: Intangibility
SUFE 0.00792 8.41 0.000 *** 0.01281 6.26 0.000 *** 0.00488 4.89 0.000 ***
NetOpt 0.00911 9.76 0.000 *** 0.01050 5.38 0.000 *** 0.00626 6.13 0.000 ***
Certainty 0.01082 11.53 0.000 *** 0.01096 4.84 0.000 *** 0.00839 8.64 0.000 ***
Intangibility 0.01172 11.99 0.000 *** 0.01539 6.64 0.000 *** 0.00695 6.75 0.000 ***
Intangibility * SUFE -0.00317 -3.12 0.002 ** -0.00209 -0.87 0.385 -0.00209 -2.03 0.043 *
Intangibility * NetOpt -0.00246  -2.68 0.007 ** -0.00555 -2.72  0.007 ** -0.00004 -0.04 0.967
Intangibility * Certainty -0.00446  -4.89 0.000 *** -0.00572 -2.25 0.025 * -0.00303 -3.37 0.001 ***
Intercept -0.01664 -3.25 0.001 ** -0.04252 -3.83 0.000 *** -0.00139 -0.26 0.792
Panel D: M/B ratio

SUFE 0.00918 9.84 0.000 *** 0.01448 7.59 0.000 *** 0.00529 5.30 0.000 ***
NetOpt 0.00987 10.53 0.000 *** 0.01220 6.44 0.000 *** 0.00652 6.42 0.000 ***
Certainty 0.01146 12.20 0.000  *** 0.01287 5.65 0.000 *** 0.00814 8.48 0.000 ***
M/B 0.00000 0.11  0.910 -0.00014 -0.27 0.784 0.00000 0.08 0.934
M/B * SUFE -0.00005 -0.56 0.575 0.00022 043 0.671 -0.00007 -0.89 0.375
M/B * NetOpt -0.00001 -0.83 0.405 0.00008 0.40 0.691 -0.00001 -0.92 0.358
M/B * Certainty 0.00000 -0.06 0.953 -0.00009 -0.14 0.892 0.00000 -0.08 0.940
Intercept -0.01622 -3.16 0.002 ** -0.04929 -4.42 0.000 *** 0.00138 0.26 0.795
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Table 8: Loughran and M cDonald (2009) definitions
In this table we estimate the following equation:

1
' ZlARj,Hi = o+ BLSUFE| + oFin—Pos; + 3Fin—Unc; + ¢
=
WhereSUFE; 4 is the standardized unexpected forecasted earfondsm ‘j" in quarter

‘q". Fin-Pos; is the standardized Loughran and McDonald (2008)tive score for firm

7 in quarter ‘t’. Fin-Ung, is the standardized Loughran and McDonald (2009)
uncertainty for firm ‘J" in quarter ‘t’. The samplgeriod spans 1994 to 2007 and includes
those firms which appeared in the First Call conypiaeued guidelines database and for
which a matching company press release was foungxas-Nexus. The sample was
divided three ways. In Panel A we report resutis dur entire sample of 14,938
company issued guidance press releases. In Pamet Beport results for the 5,216
quarterly releases. In Panel C we report resattthe 9,722 annual releases.

Panel A: Combined Data

coefficient  t-stat p-value
SUFE 0.00949 10.13 0.0000 *** AdjR2: 2.44%
Fin-Pos 0.00587 6.20 0.0000 **=*  f-stat: 125.30
Fin-Unc -0.00536  -5.70 0.0000  ***
Intercept  -0.01460 -15.60 0.0000  ***

Panel B: Quarterly Data

coefficient  t-stat p-value
SUFE 0.01460 7.70 0.0000 *** AdjR2: 2.46%
Fin-Pos 0.00740 3.97 0.0001  *** f-stat: 44.82
Fin-Unc -0.00211  -1.13  0.2580
Intercept -0.03182 -16.28 0.0000  ***

Panel C: Annual Data

coefficient  t-stat p-value
SUFE 0.00519 5.21 0.0000 ** AdjR2: 1.40%
Fin-Pos 0.00501 490 0.0000 *** f-stat: 47.15
Fin-Unc -0.00552 -5.42 0.0000  ***
Intercept -0.00513 -5.21  0.0000  ***
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